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Part 1: VKT distribution-free regret bounds for stochastic bandits
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An exercise of the homework is about proving:

i | ' | \Pkﬂiﬁ 0 ?(\ ca\ﬁ_

We saw that UCB enjoyed a distribution-free regret bound of order v K InT, but the v/InT is unnecessary.
The optimal (minmax) distribution-free regret bound for bounded stochastic bandits is of order vTK.

We now discuss an algorithm achieving this optimal order of magnitude; it is called MOSS and is a variation
on UCB, with a smaller / more careful exploration bonus.
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Part 2: Adversarial bandits
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